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Abstract
Objective: This study aims to predict auditors’ behavior when faced with fraud and
financial misconduct and to identify the factors influencing their fraudulent behavior. It
seeks to propose measures for strengthening audit firms’ supervisory systems through
analytic models and advanced technologies.
Method: A quantitative approach was adopted, targeting auditors at audit firms in Tehran.
The sample size was determined as 256 using the Morgan table. Data were collected via
a questionnaire designed to identify factors affecting auditors’ propensity for fraud. A
neural network model was developed in Python, encompassing key steps such as data
preprocessing, splitting into training, testing, and validation sets, selecting the network
architecture, and adjusting weights via backpropagation algorithms. Data preprocessing
included detrending and normalization. A multilayer perceptron with various learning and
optimization algorithms was employed, and mean squared error (MSE) was used to
evaluate the network’s performance.
Findings: The neural network model demonstrated high accuracy—96.15% overall—in
distinguishing auditors with and without a history of fraud. This high level of precision
indicates the model’s effectiveness in accurately identifying the factors that drive
auditors’ fraudulent behavior and making reliable predictions.
Conclusion: The results show that neural network models and analytic technologies can
significantly help audit firms enhance their supervisory systems. By implementing these
models, the prevention of financial misconduct is improved, fostering a more transparent
and secure working environment. Consequently, this approach can play a crucial role in
enhancing the quality and credibility of financial audits.
Scientific Contribution: The novelty of this research lies in applying neural networks to
predict auditors’ responses to fraud and financial misconduct, thereby markedly
improving the accuracy and speed of supervisory decision-making.
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